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Fig.1 Back-propagation model
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Table 1 48 learning samples
KERES HEMEFEILER % Al mFS SRR ER £
1 0.890646 REEE 33 0.106355 HBUHTE
3 0.889709 4=k 35 0.080984 HoEE
4 0.905875 KBTE 36 0.089785 Bors
5 0.904156 =P 37 0.105228 =P
7 0.886451 RETE 38 0.105418 %az=s
9 0.903645 E4=F==] 40 0.105125 ®az=s
10 0.904281 EEEE 42 0.088952 BEEE
11 0.904102 KEES 43 0.108837 sk
13 0.904504 EEEE 14 0.101357 BHEH
14 0.903095 Easd 45 0.101314 fid=b =
15 0.896808 EATE 46 0.098849 SHES
16 0.904834 =Py = 17 0.101612 BEZH
17 0.899829 Eq=Fe = 48 0.108373 BUEE
18 0.907250 KEEE 49 0.100777 ®EEE
19 0.830938 =g 51 0.086120 SEHmE
20 0.893183 id=Fag=; 52 0.1015359 BEEE
23 0.090089 =Py 33 0.101458 gOad
24 0.008753 %H=H 54 0.109572 G d=F= =
23 0.100927 B®BnH 53 0.101587 %HEE
26 0.101850 =P 56 0.103594 ®BnE
28 0.101662 gBnE 57 0.109820 BHEE
29 0.101396 i-3=P=9=] 38 0.102551 - 3=Pp=
30 0.103486 BEEs 59 0.093564 BHEHE
32 0.096397 FAEF== 60 0.090559 %A s HE

AT BRFASLRRA, HRBMNZGRI2AFER, TER “Rm” Hi, HEEET M
R B AP B R EAT TR, R B BRi 5 30 Bt T o BE AT R e 68, ik 2

AT, TRBIEE RS S PR O e 4

—¥,



1 BIEAT: ATHERMEHERZH KRR A 53

¥ 2 DRMFRBIEE
Table 2 12 samples to be identified

HRFES HEREIEER 251 GRBD HKE (LR
2 0.905562 =P BEEE
6 0.903172 RE=H = pad=)
8 0.847600 Ed=F==; EE=H
11 0.904313 EETE EEARE
21 0.869223 EAEE REZE
22 0.138344 %8s 3sh
27 0.101967 3= = HZETE
31 0.103266 =P 3=
34 0.046483 ®EEH =P
39 0.111812 ®EEE ®E=SE
11 0.177922 HanE 3= et
50 0.097259 ®BEE ! 3= sy
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Table 3 Effect of the damage of individual neuron

te the performance of the network

BB At R TR A MERE ANITRER ki e 3
0,908057 EA=H 0.905562 EaEE
0.006045 EAEH 0.903172 REHZ=E
0.847865 RA=ZH 0.847600 KBRS
0.906579 IF=F= 0.904313 EHEE
0.870486 EA=H 0.869223 RE=#
0.133862 =P 0.138344 GAsPa =
0.101597 E =P 0.101597 =Py =
0.103268 BHEEH 0.103266 ®EnE
0.046499 TEHEE 0.046483 Ei =Pt =
0,111939 gans 0.111812 = bee -1
0.178000 =P 0,177922 =P
0.097269 #az=s 0.097259 ®H=E
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Abstract

on the basis of geochemical data, dolomites in the offshore facies of the
Cambrian Bonneterre Formation were classified and identified by the artifi-
cial neural network, with the rate of discrimination reaching 100%. The results
show that the mneural network approach is fairly satisfactory and might
be expected to become an effective technique for the classification and iden-

tification of rocks.



